Introduction
The expected introduction of autonomous vehicles, "self-driving" vehicles that can sense their surroundings and guide themselves without human intervention, promises to have a potentially profound impact on transportation. These vehicles offer many possible benefits to society, such as improved safety, a less burdensome travel experience, energy conservation, and reduced air pollution; and they have the potential to change many aspects of the economy, including land use patterns as well as the medical, legal, and insurance industries (Clements and Kockelman 2017) . It appears that AVs will be technologically feasible at some point in the near future, and despite several challenging issues, the eventual use of them on roads is becoming more likely. In September 2016, the U.S. Department of Transportation and the National Highway Traffic Safety Administration (NHTSA) published policy guidelines for AVs, recognizing their potential as "the greatest personal transportation revolution since the popularization of the personal automobile nearly a century ago" (NHTSA 2016) .
Box 1 summarizes the various stages in the evolution of vehicles from those with no automation to those that are fully autonomous. The worldwide number of advanced driver-assistance systems (ADAS), such as backup cameras and adaptive cruise control, increased from 90 million to 140 million units between 2014 and 2016. Consumers have indicated a willingness to pay $500-$2,500 per vehicle for ADAS. Sensor technologies are rapidly advancing to provide sophisticated information to vehicle operating systems about the surrounding environment, such as road conditions and the location of other nearby vehicles. However, slower progress has been made in developing software that can mimic human driver decision-making, so that fully autonomous vehicles may not be introduced for another ten or more years (Heineke, et al. 2017 ).
While much attention has focused on how AVs will impact personal mobility, they could also transform the way many businesses provide goods and services. For businesses, AVs could represent a capital investment in a labor-saving technology, with the potential to substitute for the labor currently tasked with driving. On the other hand, AVs, by improving safety or reducing travel time, may provide functions that are complementary to functions of workers in these businesses, ultimately boosting the demand for them (Autor 2015) .
Previous research on automation and changes in employment suggests that the impact on labor will depend on characteristics of the services provided by the workers, such as the degree to which an occupation consists of a series of routine tasks (Frey and Osborne 2013) . Therefore, although new technologies such as AVs have the potential to eliminate jobs, they can also increase demand for some tasks and perhaps lead to demand for entirely new tasks, some of which may require new skills (Bessen 2015; Autor, Levy, and Murnane 2003; Levy and Murnane 2013) .
This research attempts to identify the occupations and industries that may be most directly affected by autonomous vehicles and to use available data to examine the current characteristics of these jobs and the workers who do them.
1 Most previous research about workers potentially affected by AVs has Box 1. Autonomous Vehicle Technology Is Speeding Forward Source: Heineke, et al. 2017 and SAE 2014. 
Current Motor Vehicle Use by Industry: A Baseline
In 2016, business investments in new motor vehicles totaled $327.5 billion, representing a little over half of total domestic final sales of new autos and trucks. 3 Several industry sectors rely relatively heavily on motor vehicles to deliver goods and services to consumers, and these are the industries that potentially would be most likely to adopt AVs. To identify these sectors, we use Bureau of Economic Analysis (BEA) data on the value of capital stocks and investments in private non-residential fixed assets for motor vehicles, which includes data on light trucks (including sport utility vehicles); other trucks, buses, and truck trailers; and autos. Table 1 highlights the value of motor vehicle equipment by motor vehicle type and by major industry sector, as well as a few subsectors of interest. The value of motor vehicle equipment stocks totaled close to $760 billion, or 11.9 percent of total equipment stocks for all industry sectors. Trucks represented about three-quarters of the total value of motor vehicle equipment stocks, and the auto 3 Bureau of Economic Analysis, National Income and Products Account, Motor Vehicle Output, Table 7 .2.5B. These data indicate that businesses invest significantly in motor vehicles, suggesting that the potential demand for AVs among businesses could be sizeable. Next, we identify the jobs that would likely be affected by business adoption of AVs. 4 For example, General Motors Financial Company (GMFC), Inc. is a wholly-owned captive finance subsidiary of General Motors Company (GMC). GMFC offers automobile leasing services among other automobile financing products. Despite being wholly-owned by a vehicle manufacturer, data on GFMC's activities would be classified in a separate industry (NAICS 522220, Sales Financing) from that of GMC for two reasons. First, GMFC's business activities are different from those of GMC, and second, its establishments (consisting of leased credit centers, collections, and customer service centers in various locations in the US and abroad) are located separately from those of GMC. As of December 31, 2016, the net value of leased vehicles, on GFMC's balance sheet accounted for 99.1 percent of the net value of company's physical capital assets (leases were valued at $34.5 billion, while other property and equipment were valued at about $0.3 billion). See General Motors Financial Company, Inc. (2017) . 5 Motor vehicle leases for periods shorter than the useful life of the asset ("operating leases") are not currently required to be reported as assets (and liabilities) on the lessee's balance sheet. New rules will require both capital and operating leases to be recognized on the balance sheet for publicly-held companies in fiscal years beginning after December 15, 2019 (Financial Accounting Standards Board 2016 
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Roadway Driving Occupations in the United States
There is no dataset specifically designed to identify workers that operate or travel in motor vehicles on roadways, which is the focus of our analysis of business adoption of AVs. 6 The best available data for 6 We evaluated whether we could use the American Time Use Survey data collected by the Bureau of Labor Statistics and the American Community Survey collected by the Census Bureau, to identify the relevant set of workers, but neither survey adequately identifies on-the-job driving as distinct from commuting. 7 O*NET data on work activities provides an average score, on a scale of 1 to 5, of the "importance" of 41 generalized work activities, one of which is "Operating Vehicles or Equipment."
8 Some occupations may involve one or more detailed work activities that fall within the generalized work activity "Operating Vehicles or Equipment" (such detailed work activities are not scored for importance). Furthermore, O*NET data include scores for each occupation for how frequently work is performed in enclosed vehicles (e.g., automobiles) and open vehicles (e.g., tractors). Finally, O*NET data on "tools and technology" identify occupations that use motor vehicles as a tool. While none of these variables alone fully captures occupations that involve driving, together they provide a reasonable list of those occupations that currently use roadway motor vehicles on the job and that therefore would be more likely to use AVs.
To identify roadway driving occupations, we start by using the O*NET to flag those that perform at least one of the following detailed work activities that fall within "Operating Vehicles or Equipment:" 1. Drive vehicles to transport individuals or equipment.
2. Travel to work sites to perform installation, repair or maintenance work. Because in our study we focus on occupations that use roadway vehicles, we aim to exclude occupations that primarily operate off-road vehicles or worksite materials-moving vehicles. Therefore, we also impose the additional restriction that occupations with activities 4-7 are included in our analysis only if they are also identified by O*NET as using motor vehicles as a tool and if they spend more time in enclosed vehicles than in open vehicles. Moreover, for occupations with activity 7, which can involve operating equipment, as opposed to driving vehicles on roadways, we further require that the occupation has a high importance score for generalized activity of "Operating Vehicles or Equipment." Finally, we include occupations with high importance scores for operating vehicles or equipment and 7 Depending on the topic, O*NET data is based on surveying samples of either occupational experts or a broad range of workers from each occupation. However, relatively small survey samples can sometimes lead to noisy or inconclusive results in identifying driving-related occupations. For more information, see https://www.O*NETonline.org/, https://www.O*NETcenter.org/overview.html. Furthermore, while O*NET's "substantive scope and sampling are impressive…there are also significant gaps and duplication in content. Underlying constructs, item wording, and response options are often vague or overly complex" (Handel 2016 ).
8
The O*NET questionnaire asks respondents to rate the importance of an activity on a scale of 1 to 5, where 1 is "not important," 2 is "somewhat important," 3 is "important," 4 is "very important," and 5 is "extremely important." O*NET converts this scale to a standardized score that ranges between 0 and 100, which is averaged across respondents for each occupation. The standardized score is the ratio of the difference between the actual score and the lowest possible score to the largest possible difference. For example, a score of 3 is standardized to 100 x [3-1]/[5-1] = 50. Thus, an average score of 80 indicates that the average importance score of the selected activity was 4.2, or "very important" to the performance of the job.
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Using this methodology (see Figure 1 ), we identify 119 roadway vehicle driving occupations in the O*NET classification system, and we match these to 108 occupations in the 2010 Standard Occupational Classification (SOC). Appendix Table 1 shows the full list of 108 driving-related occupations and the number of workers employed in each occupation, as measured by the 2015 Occupational Employment Statistics (OES). 9 While it is possible to generate a slightly different list of occupations by adjusting these selection criteria, the list of occupations provides a sensible estimate of jobs that involve driving, capturing a broader set of occupations than other studies (e.g. Miller 2015, which identified 89 drivingrelated occupations).
Our results are also broadly consistent with recent analysis by the Bureau of Labor Statistics of its new Occupational Requirements Survey (ORS) data. BLS published ORS data on driving requirements for 163 detailed (i.e., at the six-digit SOC level) occupations in 2016, 10 finding that driving is "required" by some share of workers in 87 detailed occupations. However, estimates from the limited ORS sample suggest that about 30 percent of workers are required to drive on the job, which represents many more workers than shown in Appendix Table 1. 11 Because ORS data on additional detailed occupations is not yet available, it is not possible to fully compare the results of these findings to ours (which use data on a larger number of detailed occupations and incorporate information about the "importance" of driving rather than whether any driving at all is "required"). Still, the initial ORS findings suggest that our results may represent a conservative estimate of the number of workers affected by business adoption of AVs.
We divide our list of 108 occupations into two categories to distinguish occupations that are primarily engaged in driving from other occupations for which driving is an important, though not a primary, activity in the delivery of goods and services: 9 The Bureau of Labor Statistics developed the SOC as a way for Federal statistical agencies to collect and disseminate data about workers by occupational category. O*NET uses an expanded version of the SOC called the "O*NET-SOC Taxonomy" that divides the 840 SOC occupations into 940 more detailed occupations. Thus, since we needed the relevant set of SOC-based occupations to do the rest of our analysis, and due to these differences between the O*NET's classification and the SOC classification, our list of 119 O*Net occupations resulted in 108 occupations as classified by SOC. See https://www.bls.gov/soc/ for more details about the 2010 SOC and National Center for O*NET Development 2010 for more details on the O*NET-SOC Taxonomy. We included the entire SOC occupation if any of the O*NET-SOC Taxonomy occupations within the corresponding SOC occupation met the requirements described above. Note that we did not include SOC occupation 53-3099, "Motor Vehicle Operators, All Other" in our vehicle operator category because O*NET does not include the "all other" occupations listed in the SOC. To identify total employment and employment by industry, we used occupational employment data from the 2015 Occupational Employment Survey of the Bureau of Labor Statistics (see https://www.bls.gov/oes/ for more details), which included data on 813 occupations out of 840 occupations in the 2010 SOC. 10 BLS is phasing in collection of ORS data and by 2018 will publish data on driving requirements for a larger set of detailed occupations.  Motor Vehicle Operators, consisting of seven occupations within the 53-3000 "Motor Vehicle Operator" SOC group, including drivers of automobiles, trucks, buses, trains, and ambulances, and driver/salespersons (e.g., pizza deliverers).
 Other on-the-Job Drivers, which captures the remaining occupations that meet the other criteria described above. These include occupations that deliver services at multiple locations, such as first responders, home health care aides, real estate agents, and equipment installers and repairers.
Figure 1. Driving-related Occupations
As shown in Figure 2 , in 2015, there were 15.5 million jobs (11.3 percent of total occupational employment, or about one in nine workers) in driving-related occupations. There are about three times as many other on-the-job drivers as motor vehicle operators, suggesting that the impacts of AVs could extend well beyond the narrow group of workers whose occupation title includes "drivers."
Initial analysis of employment in driving-related occupations by industry shows that, not surprisingly, vehicle operator jobs are most concentrated in the transportation and warehousing ("transport") sector, while other on-the-job driving occupations are spread throughout industries, led by government, health care, construction, and administrative and waste management (see Figure 3 ).
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Work Output of Driving Occupations
When considering the potential impact of AVs on driving-related occupations, it is important to recognize that such occupations can involve activities other than operating motor vehicles. If those in driving-related occupations performed no work other than operating motor vehicles, then the AVs would be more likely to displace those workers as pure substitutes. Therefore, to examine the extent to which driving-related occupations involve work aside from operating vehicles, we consider the importance scores of the nine categories of activities included in "worker output" as classified by O*NET, 12 one of which is "operating vehicles and equipment." 13 Table 2 shows the average standardized "importance" score of each category of output within each occupational group, weighted by employment in each occupation.
14

Motor Vehicle Operators
For motor vehicle operators, the average importance score for operating vehicles is 86.1, much higher than the importance of other activities. While "handling and moving objects" and "performing general physical activities" are also relatively more important for motor vehicle operators than across all occupations, so are other activities that presumably require a relatively higher skill level, such as "controlling machines and processes" (other than vehicle operation) and "repair and maintenance of mechanical equipment." Thus, while the introduction of AVs could diminish the most important work output activity of motor vehicle operators, these workers engage in other activities that are relatively important in the performance of their occupation and that may continue to be performed by some humans in conjunction with AV use.
Other On-The-Job Drivers
For other on-the-job drivers, the importance of operating vehicles, at 58.7, is much lower than for motor vehicle operators but is still considerably greater than for all occupations. As is the case for motor vehicle operators, the importance of general physical activities; handling and moving objects; 12 Although these activities could be considered dimensions of labor's input into the production process, O*NET refers to them as work output. In O*NET terminology, "Work Output" is defined as "What physical activities are performed, what equipment and vehicles are operated/controlled, and what complex/technical activities are accomplished as job outputs?" (See https://www.O*NETonline.org/find/descriptor/browse/Work_Activities/.) 13 These output measures are listed and defined in detail in Appendix Table 2. 14 As a check on our classification strategy, for each occupational group that we identified, we also calculate an "importance ratio" as the importance score for operating vehicles relative to the average importance score for all other types of worker output. For motor vehicle operators, the average importance score for operating vehicles is 86.1, while the average importance score for all other output categories is 43.0, yielding a ratio of 2.0. Thus, the introduction of autonomous vehicles could diminish what is by far the most important activity of motor vehicle operators. For other on-the-job drivers, the importance of operating vehicles, at 58.7, is closer to the average importance of all other work activities, 46.7, yielding a ratio of 1.3. Given the heterogeneity of these two groups of driver occupations, some activities may be more important in some industries. Appendix Figure 1 shows that the relative importance of driving for motor vehicle drivers varies depending on the industry, ranging from 2.9 in educational services to 1.8 in several other industries. Similarly, the importance of driving for other on-the-job drivers range from 2.0 in the transportation sector (on par with vehicle operators in that sector) to 1.0 in management and in professional services.
The Employment Impact of Autonomous Vehicles
Office of the Chief Economist  Economics and Statistics Administration  Page 12 documenting and recording information; controlling machines and processes; and repairing and maintaining mechanical equipment are higher than for all occupations. Two activities, documenting and recording information and general physical activities are the most important ones for other on-the-job drivers, with importance scores higher than for motor vehicle operators. Together, these findings suggest that while driving is currently an important activity for other on-the-job drivers, other activities are also relatively important to the performance of these occupations, again suggesting that there may continue to be a role for humans to work in conjunction with AVs. 
Knowledge and Skills in Driving-Related Occupations
Another approach to understanding how workers in driving occupations may adapt to the adoption of AVs is to look at the knowledge and skills involved in these occupations. For example, comparing the knowledge and skills of motor vehicle operators to those in all other occupations might help identify deficits that may need to be addressed, possibly through public policy, to help such workers transition to other jobs as AVs become more widespread.
O*NET provides importance scores for 33 types of "knowledge" (i.e., "organized sets of principles and facts applying in general domains") as they relate to the performance of an occupation. These categories are organized into ten broad categories. We calculate the employment-weighted average standardized importance score for each of the ten broad categories for each occupational group (motor vehicle drivers, other on-the-job drivers, and all occupations.) As shown in Figure 4 , 15 knowledge of transportation ("knowledge of principles and methods for moving people or goods by air, rail, sea, or road, including the relative costs and benefits") is clearly the most important category of knowledge for motor vehicle operators, followed by law and public safety. The scores for these two categories are higher than for all other occupations, but for all other categories of knowledge these scores are similar to or lower than those of all occupations. For other on-the-job drivers, transportation and law and public safety are also the most important knowledge categories, though the importance of knowledge of transportation is quite a bit lower for this category of workers than it is for motor vehicle operators. O*NET also provides importance scores for 25 "cross-functional skills", i.e., "developed capacities that facilitate performance of activities that occur across jobs," organized into six broad categories. We calculate the employment-weighted average importance score for each of the broad skills categories for each occupational group. 16 As Figure 5 shows, although the average importance scores for each skill 15 The O*NET knowledge categories and subcategories are listed in Appendix Table 3 . To obtain the average importance scores for the ten knowledge categories that we report in Figure 5 , we calculate the average score for the knowledge types within each broad knowledge category, and then take an OES-employment-weighted average of each category score across all occupations within each of our three occupational groups, 16 The O*NET cross-functional skill categories and subcategories are listed in Appendix Table 4 . To obtain the average importance scores for the seven skills categories that we report in Figure 6 , we calculate the average score for the skills within each broad skills category, and then take an OES-employment-weighted average of each category score across all occupations within each of our three occupational groups, Health Services
Manufacturing and Production
Arts and Humanities
Engineering and Technology
Math and Science
Communications
Education and Training
Business and Management
Law and Public Safety Transportation Motor Vehicle Operators Other On The Job Drivers All Occupations
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Office of the Chief Economist  Economics and Statistics Administration  Page 14 category are different for each occupational group, the ranking of these skills in terms of importance is consistent across motor vehicle operators, other on-the-job drivers, and all occupations. Still, except for technical skills, which relate to operation of machines or technological systems, motor vehicle operators have lower importance scores for all cross-functional skill categories compared to both other on-the-job drivers and to all occupations. Other on-the-job drivers more closely resemble overall occupations in terms of the importance of cross functional skills, although on-the-job drivers also show a higher importance for technical skills relative to all occupations.
The findings of this section show that motor vehicle operators have higher knowledge importance scores for only a couple of categories compared to all occupations, and except for technical skills, substantially lower cross-functional skill importance scores than all occupations. In contrast, other-onthe-job drivers have higher knowledge and skills importance scores in many categories compared with motor vehicle operators. These findings suggest that motor vehicle operators may have less of a knowledge and skills base that could be transferable to other jobs, while other on-the-job drivers are likely to be more adaptable since they are more similar to all occupations in terms of knowledge and skills and less specialized in transportation knowledge than motor vehicle operators. 
Driving-Related Injuries and Fatalities
We also analyzed data from the Census of Fatal Occupational Injuries and the Survey of Occupational Injuries and Illnesses to present information on the risks involved in using roadway vehicles for drivingrelated occupations and across all occupations. Table 3 shows that the fatality rate (per 100,000 fulltime equivalent workers) for motor vehicle operators from on-the-job roadway incidents involving motor vehicles is ten times the rate for all workers, and the numbers of roadway motor vehicle occupational injuries resulting in lost work time per 100,000 full-time equivalent workers is 8.7 times as large as that of all workers.
Given that driving-related fatalities and injuries are notably higher for motor vehicles operators than for other on-the-job drivers, which in turn show higher fatality and injury rates than the overall average, these data help validate our occupational classification (i.e., the more driving done on the job, the greater the risk of fatalities and injuries) and also point to the potential safety benefits of AVs. 
Demographic Characteristics of Workers in Driving-Related Occupations
We use data from the Occupational Employment Statistics survey, American Community Survey, and Current Population Survey Annual Social and Economic Supplement to understand better the economic and demographic characteristics for workers in both categories of driving-related occupations, as well as across all occupations. Comparing the characteristics of each occupational group helps to paint a profile
Motor vehicle operators
Other on-the-job drivers of workers that could be most affected by the business adoption of AVs. Table 4 summarizes the data on worker characteristics, which are discussed below.
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Motor Vehicle Operators
In 2015, the 3.8 million motor vehicle operators accounted for a little less than three percent of workers across all occupations. Workers in vehicle operator occupations are compensated less than the overall workforce; the mean annual wage of motor vehicle operators was about $36,500, about 25 percent lower than the mean wage of $48,300 for all occupations. In addition:
 A particularly striking observation was that motor vehicle operators are predominately male (88.0 percent, compared to about 52.7 percent of workers overall).
 Only 7.6 percent of motor vehicle operators had a bachelor's degree or higher.
 45.6 percent of motor vehicle operators had only a high school diploma, compared to 24.7 percent of workers overall.
Motor vehicle operators also were:
 less likely to be covered by employer-sponsored health plans. About 15.2 percent were without coverage compared to about 10.8 percent for all workers.
 less likely to have pension plans. Only about one in four were covered compared to about onethird of all workers.
 more likely to be paid by the hour, less likely to live in a metropolitan area, and more likely to be self-employed.
However, there was a considerable amount of heterogeneity in the characteristics of motor vehicle operators across the occupations that make up this category. For example, taxi drivers on average earn much less than other motor vehicle operators (about $26,000, compared to $33,000 for bus drivers 17 The American Community Survey (ACS) and Current Population Survey (CPS) data is based on the Census Bureau's occupational classification, which is less detailed than the 2010 Standard Occupational Classification (SOC) system on which the SOC-O*NET taxonomy is based. In other words, some Census occupation codes are comprised of multiple SOC codes. This is less of a problem for motor vehicle operators because the four Census occupation codes for this group of workers comprises the seven SOC codes for motor vehicle operators (the two SOC bus driver codes and the three SOC truck driver codes were each combined into one Census occupation code for all bus drivers and one for all truck drivers). However, some of the SOC codes for other on-the-job drivers are combined with other non-driving SOC codes in the Census occupation classifications. To deal with this in the ACS and CPS data, if workers had a Census occupation code that is comprised of at least one of the SOC codes we identified them as other on-the-job drivers. Therefore, the percent of workers identified in the ACS data as being other on-the-job drivers is higher (14.3 percent) than that based on the OES data (8.5 percent). As a sensitivity check, we used OES employment data to weight the estimates based on the share of employment in drivingrelated occupations within each Census occupation code. The results were essentially the same as those shown in Table 4 and Appendix Table 5 .
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and $38,000 for truck drivers). Bus drivers tend to be older, and less educated than other motor vehicle drivers, but they are much more likely to be unionized and female. See Appendix Table 5 for details.
There is even heterogeneity among bus drivers, with transit and intercity drivers earning on average about one-third more than school bus or other bus drivers, and among truck drivers, with heavy/tractortrailer drivers earning $42,500 on average while driver/sales workers (including food delivery workers) earn much less, about $28,000. See Appendix Table 6 for details.
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In 2015 there were 11.7 million other on-the-job drivers, representing 8.5 percent of workers in all occupations. On average, these workers earned slightly less than workers across all occupations ($46,700 compared to $48,300). These other on-the-job drivers are also slightly older, with a median age of 43 years compared to a median of 41 years across all workers.
In addition, other on-the-job drivers are:
 much more likely than motor vehicle operators to have a college degree (27.7 percent versus 7.6 percent) though less likely than all workers to have a college degree (33.4 percent).
 much more likely to be veterans compared to workers overall, but less likely compared to motor vehicle operators (8.9 percent of other on-the-job drivers are veterans, compared to 5.5 percent of all workers and 11.5 percent of motor vehicle operators).
 male dominated, though less so than for motor vehicle drivers; about 68.8 percent of the workers in the on-the-job driver occupations are male. This is compared to about 52.7 percent of workers overall being male.
Conclusion
Although AV technology has developed rapidly in recent years, the consensus is that widespread adoption of vehicles that are "fully" automated is likely to take several more years. When this occurs, AVs may be increasingly adopted by businesses that currently use motor vehicles and human drivers as part of their production process. This paper uses the available data on the activities of various occupations to explore which ones are most related to driving and which, therefore, are more likely to be affected by the future use of AVs by businesses. This analysis provides not only a baseline indication of the activities of those jobs but also the characteristics of the workers who do them, and shows that the adoption of AVs has the potential to impact a sizable share of jobs in the economy. The extent to which AVs could eliminate certain occupations, resulting in job loss, while changing the mix of tasks involved in other occupations, is still not clear.
Nevertheless, several important findings of this report may help inform regarding the labor market impacts of the business adoption of AVs. First, our findings suggest that workers in some driving occupations might have difficulty finding alternative employment. Workers in motor vehicle operator jobs are older, less educated, and for the most part have fewer transferable skills than other workers, especially the kinds of skills required for non-routine cognitive tasks.
Second, in contrast to the workers in the occupations we classify as motor vehicle operators, other onthe-job drivers, of which there are about triple the number of motor vehicle operators, have a more diversified set of work activities, knowledge, and skills. For this group, although driving is an important work activity, it is only one of many important work activities, many of which already require the kinds
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As AVs are adopted by businesses, continued tracking of the number of motor vehicle operators and other driving-related jobs, as well as tracking of the work activities, skills and knowledge required in these occupations, will help indicate the extent to which AV technology will serve to substitute for labor by eliminating particular jobs or to complement labor by changing the importance of other work activities performed by those workers.
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